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dictionary

(2100 items)
10-type emotion
classification:
1.Joy, delight

emotive

2.Anger xpression
3.5orrow, DB
sadness, gloom
4.Fear noine
5.Shame, shyness, 215 ajjou (love)
bashfulness ZiL» anshin (relief)
6.Liking, 2t kyofu (fear)
fondness Sk
o & A yorokobu (be glad)
7.Dislike, #ELE kanashimu (feel sad)

detestation &M< mukatsuku (get angry)

8. Excitement phrases / idioms

9.Relief REEHNE S mushizu ga hashiru (give one the creeps )
10.Surprise ILAYiEF % kokoro ga tokeru (one’s heart is melting in relief)
’ #RXK E 1 kantenkichi (delight larger than Haven and Earth)
amazement

adjectives
2> ureshii (happy)
#BLLY kuyashii (mortifying)
Ly kowai (scary)

Nelr
Gathered

manually
(907 items)

emotems
DB

~——
exclamatives
T IFz sugee (great!)
38 # wooo (whoal)
mimetics (gitaigo)
974 wakuwaku (heart pounding)
M+ dokidoki (go pit-a-pat)
vulgarities
—Xh % —yagaru (fu**ing do sth)
<% kuso (shit)
B & baka (stupid)

hypocorystics
-5 % A —chan (name suffix)

textual representations of voice modulatién
and body language (emoticons)
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